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Abstract: The aim of this study is to reveal the smart des-
tination selection process of Generation Y tourists. In this
context, data were collected from 228 tourists in Turkey.
The fact that the research focuses on millennials, who
use technology the most, makes this research different
from other studies. In this way, the research offered more
realistic results thanks to the people with high technol-
ogy literacy. This research shows that consumers’ atti-
tudes toward smart products significantly affected their
travel intentions. At the same time, another remarkable
result of the research is that behaviour related to smart
products significantly affects travel intentions.
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1 Introduction

Mobile technology, which started to develop in the early
1980s, and the Internet, which started to gain its current
importance in the early 1990s, are among the most influ-
ential technological innovations that affect the course
of the global world and individual lifestyles (Akdag &
Akmaz, 2019; French & Shim, 2016). In 1991, the World
Wide Web (WWW) was developed by Tim Berners-Lee and
thus the Internet gained its current utility. The ever-evolv-
ing concept of the Internet has transformed into the Inter-
net of services (e.g. e-commerce), the Internet of people
(e.g. social media), and the Internet of things (IoT). With
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the use of the Internet in mobile technology, the concept
of smart has emerged. The concept, which was first used
for smartphone-like devices, has gained a new dimension
with the development of IoT technology and has turned
into an approach that provides effective resource con-
sumption and offers solutions to global and environmen-
tal problems (Akmaz, 2022; Akmaz & Kale, 2020; Liu et al.,
2015).

Smartness is emerging as an important force in
shaping demand, so the tourism industry needs to be
sensitive about smartness and try to provide appropri-
ate provisions. In the tourism scope, smart cities present
new challenges while providing new service and business
opportunities. To be able to better adopt the smart struc-
ture in cities where the tourism sector is the economic
driving force, so-called intelligent destinations have been
dubbed smart tourism destinations. The smart city prin-
ciple has become the common denominator of urban dis-
course, which has been enthusiastically received in the
media, institutional, and academic fields. However, this
ideal city brings with it significant challenges (Giffinger &
Gudrun, 2010; Sigalat-Signes et al., 2020).

Many personal, social, cultural, demographic, and
economic factors can be decisive in the destination selec-
tion process of tourists. However, smart products and
applications that entered the lives of consumers in the
1990s have become at least as influential in the purchas-
ing processes of tourists as other factors (Unal & Bayar,
2020). In other words, the rapid development of informa-
tion and communication technologies and their adoption
in the context of travel and tourism have significantly
affected the functioning of the industry and the attitudes
and behaviours of tourists. The demands of many tourists
who travel in the age of smart technologies differ from
those who travelled in the pre-Internet years (Ghaderi et
al., 2018). When the literature on the subject was exam-

8 Open Access. © 2022 Siirme, ince, published by De Gruyter. [=YEXaMEN This work is licensed under the Creative Commons Attribution 4.0 License



§ sciendo

ined, it was revealed that smart tourism technologies
create unforgettable tourism experiences and enhance
tourists’ enjoyment (Jeong & Shin, 2020; Lee et al., 2018).
With the increasing impact of smart technologies on
the tourism industry, more research has been done on
smart tourism. However, most of the studies on smart
tourism focus on destinations, hotels, restaurants, enter-
tainment, and traffic. In contrast, much less attention
has been paid to touristic places. Moreover, because
many smart tourism studies emphasise the deployment
of complex technological platforms, in-depth research
on smart tourism from a tourist’s point of view is rather
limited (Wang et al., 2016). In other words, there are very
few studies that explore the smart destination selection
process of tourists (Ghaderi et al., 2018; Unal & Bayar,
2020). The main focus of this research is the thoughts
of millennials, who use technology effectively, on this
subject. In this context, the aim of the study is to reveal
the smart destination selection process of millennial tour-
ists. This focus on the age group that uses technology the
most makes this research effort different from others. This
research, focused on Generation Y, offers more realistic
results thanks to people with high technology literacy.

2 Literature Review

Smart destinations are inspired by the ‘smart city’ dis-
courses, and a useful destination management approach
has been adopted to confront the profound effects of dig-
italisation processes on tourism. Buhalis (2000) summa-
rised six key components of a smart tourist destination:
attractions (natural, artificial, or cultural attractions),
accessibility (transportation systems, available routes,
airport terminals, and public transportation), amenities
(accommodation, restaurants, and leisure activities),
available packages (available services offered by interme-
diaries), activities (to enhance tourists’ visitation experi-
ences), and ancillary services (banks and hospitals).
Smart destinations do not yet have a comprehensive
set of indicators that consider the performance of desti-
nations in the different areas in which they are expected
to make efforts, such as connectivity, big data treatment,
technology deployment, and their interrelationship with
the sustainability and accessibility of destinations (Ivars-
Baidal et al., 2021). Beyond the limited previous studies,
there is limited research to date that has investigated the
smart destination selection process of millennials. The
primary purpose of offering tourists a tourist destination
is to provide them with an unforgettable visit. To this end,
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it is necessary to reinvent the destination by making it
attractive and exciting. The tourist does not choose a des-
tination only because of the monuments, idyllic scenery,
culture, and gastronomy that the destination offers. There
are other important issues. For example, today’s tourists
want to be surprised by the novelty of the destination;
they want up-to-date information on what to do, where to
visit, and how to reach a destination with the help of tech-
nology. Tourists also want to know if there is Internet and
Wi-Fi access at a destination and whether mobile devices
and other communication channels are used frequently.
For this reason, a tourism destination should have certain
characteristics such as being surrounded by modern
and convenient communication facilities, equipped with
exciting and innovative elements that can arouse the curi-
osity of tourists, full of desired and expected experiences
for tourists, and easily accessible (Da Costa Liberato et al.,
2018).

Femenia-Serra et al. (2019) wrote that younger tourists
are also starting to use smart technologies in the hospital-
ity context in different dimensions of their experiences,
and the smartphone seems to be the preferred tool to do
so: 20% of millennials have already checked into a hotel
through a mobile device, 12% have used it to order room
service, and 55% state they want to be able to connect
their smartphones to the in-room media to enjoy their per-
sonal entertainment.

Tavitiyaman et al. (2021) investigated tourist percep-
tions of smart tourism application features that could
influence their perceived image of a destination and
improve their future behavioural intentions toward the
destination. Their research showed that smart informa-
tion systems, smart travel, e-commerce systems, and
smart forecasting features have a positive effect on the
perceived destination image for tourists. In addition, the
perceived destination image among tourists positively
affected their behavioural intentions. In a similar study,
Xia et al. (2018) showed that website activity can posi-
tively increase perceived usefulness, ease of use, online
experience, and destination image. In the work of Da
Costa Liberato et al. (2018), tourists also referred to the
importance of Internet access as a factor influencing their
intention to return to a destination. In addition, available
information technologies (Internet, smartphones, or other
mobile devices and applications) at the destination are
very important in explaining the experiences of the tour-
ists. Therefore, these studies support the idea that smart
applications affect the destination image and behavioural
intention of tourists.

One reason tourism service providers are promot-
ing smart tourism is to improve tourist experiences. In
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summary, tourists in the smart age have shown some
different needs and behavioural patterns from their
counterparts in the pre-Internet/social media era. They
have become more dependent on information technol-
ogy, self-service, and personal booking tools. They value
easier access to information technology, better use of
their money and time, and greater diversity, flexibility,
personalization, and security. Such changes in tourists’
needs and behaviours have also brought challenges to
the tourism industry and prompted the development of
‘smarter tourist attractions. In addition to the demands
from these new tourists in the smart age, other factors
such as environmental impacts and technology develop-
ment have made smart technologies necessary for tradi-
tional tourist attractions (Wang et al., 2016).

Smart tourism is in many ways a logical evolutionary
development of traditional tourism and e-tourism, where
the groundwork for technology-driven innovation is laid.
Inspired by the idea of smart cities, smart tourism destina-
tions are innovative tourism destinations built on amodern
technology infrastructure that supports the sustainable
and accessible development of tourist areas designed to
provide better tourism experiences and a higher quality
of life for residents (Shafiee et al., 2019). The concept of
smart tourism has recently gained importance as a stra-
tegic tool for the development of tourism and studies in
different countries are expanding (Gretzel et al., 2015).
Although still in its infancy (for many reasons), smart
tourism is expected to grow quickly in world tourism des-
tinations. Although smart tourism has great potential to
serve tourists better, the use of this technology has not
been adequately addressed (Gretzel et al., 2016).

“There are slightly different views regarding the range
of years in which individuals considered millennials were
born. One perspective set the years from 1980 to the mid-
1990s (Cavagnaro et al., 2018). Similarly, a report by the
Organisation for Economic Co-operation and Development
(OECD, 2018) defines millennials as those born in the early
1980s to the mid-1990s. A report by KPMG (2017)marks the
years as 1980 to 1995.” (Ketter, 2019, p. 192). Generation Y,
which is called the digital generation, has adopted devel-
oping and changing technology into their lives from the
moment they were born (Nusair et al., 2011). Generation Y
consists largely of educated individuals who are more ego-
centric than other generations, have high self-confidence
and expectations, are realistic, and do not like authority;
on the contrary, they prioritise their freedom. They care
about brands, entertainment, and friendship, are tech-
nology enthusiasts, and prefer more informal communi-
cation channels (Aksit Asik, 2020; Behrstock-Sherratt &
Coggshall, 2010; Bolton et al., 2013). Generation Y tourists
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are the main source of the postmodern tourism paradigm
in which advanced technology and individualisation are
experienced. As its first members were born in the 1980s,
it is currently an important generation that is currently
engaging in tourism behaviour and will potential tourists
long into the future. In other words, Generation Y tourists,
whose expectations and demands differ from those of pre-
vious generations, are environmentally sensitive, lifelong
learners. They are looking for unique experiences, and
they constitute an important market that will continue
to be important in the future (Percin & Mahmutogullari,
2018). These millennials use technology intensively. At
this point, the importance of the smart destination in
their destination selection (Cohen et al., 2014; Hoang et
al., 2016; Rahman et al., 2017) has attracted the attention
of tourism marketers. Although a lot of research has been
done on service quality, tourist perception, destination
image, loyalty, intention, and destination selection, very
little research has been done thus far on the dimensions
of smart destinations. Considering studies on destination
selection, the common conclusion that smart technologies
are important is reflected in research findings. Rahman
(2012) proposed and tested a framework regarding the
perceptions of tourists in destination selection. Research-
ers have argued that the perceived behaviour of tourists in
destination choice is largely dependent on Internet adop-
tion and subsequent customer satisfaction.

The theory of planned behaviour (TPB) proposed by
Ajzen (1985, 1991) is a commonly used analytical frame-
work in social science disciplines, including tourism. It
predicts the occurrence of specific behaviours that indi-
viduals aim to perform based on personal and social
factors such as relative attitude toward the behaviour,
subjective norms, and perceived behavioural control.
Although the TPB it actually based on social psychology,
the theory, which is widely used to explain behaviours
that fall under the field of many different disciplines, was
designed to explain and predict human behaviour that
takes place in a certain environment. If a behaviour is per-
ceived as positive (personal attitude), that behaviour is
more likely to be performed. According to the same theory,
if the attitude (subjective norm) of people whom the indi-
vidual considers important to a behaviour is positive, this
attitude will push the individual to perform that behav-
iour. Finally, if the individual perceptions are that the
person has control over the behaviour (perceived behav-
ioural control), this will further encourage the behaviour
to be performed (Nunkoo & Ramkissoon, 2010, p. 529). In
other words, according to the TPB, all behaviours occur
for certain reasons. The results of the behaviours are cal-
culated in advance, the decision is made to achieve any
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of the results, and the decision turns into action. Appli-
cations of the TPB can thus provide valuable insight into
tourist decision-making processes (Ghaderi et al. 2018).

Considering the profound changes in consumer pref-
erences and the characteristics of tourists, it is important
to analyse whether destinations adapt to the changes as
previously discussed. In addition, despite the acknowl-
edged impact that technology has on tourism and tourist
experiences, only a few studies have addressed the impact
of smart destination strategy. However, millennials, who
use technology the most, have been neglected in the
research. At this point, the importance of doing research
with the millennials and smart destination concepts is
easily understood. This study aims to expand the concep-
tualisation of smart destinations and thus establish more
relevant marketing theories. For this reason, it is focused
on the demand side of smart destinations, which is a
special case of smart cities.

The research hypotheses to be used in this study have
emerged based on the theoretical structure of the study. In
light of these evaluations, the following hypotheses will
be tested.

H,: Generation Y tourists’ attitudes toward smart products
significantly affect their travel intentions.

H,: Behaviours of Generation Y tourists regarding smart
products significantly affect their travel intentions.

H,: Generation Y tourists’ attitudes toward smart products
differ significantly by gender.

H,: The behaviour of Generation Y tourists regarding
smart products differs significantly by gender.

H,: The travel intentions of Generation Y tourists differ sig-
nificantly by gender.

H,: Attitudes of Generation Y tourists toward smart prod-
ucts differ significantly according to age.

H.: Behaviours of Generation Y tourists regarding smart
products differ significantly according to age.

H,: The travel intentions of Generation Y tourists differ sig-
nificantly according to age.

H,: Attitudes of Generation Y tourists toward smart prod-
ucts differ significantly according to their education level.
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H,,: Behaviours of Generation Y tourists regarding smart
products differ significantly according to their education
level.

H,: The travel intentions of Generation Y tourists differ
significantly according to their education level.

3 Methodology

3.1 Methods and Findings

The data were collected using semistructured in-depth
interviews. Information on sample selection, data col-
lection stages, data collection method, and content anal-
ysis, and information on the consistency and validity of
the research are included. SPSS and AMOS were used to
analyse the research.

3.2 Research Model

This research was organised in accordance with the rela-
tional survey model. Relational survey models are defined
as research models that aim to determine the existence
and degree of covariance between two or more varia-
bles. The research model used for this study is shown in
Figure 1.

3.3 Sample

The universe of this research consists of millennial tour-
ists. In this context, the online questionnaire form was
sent to millennial domestic tourists, and we received 250
responses. As a result of evaluating these 250 question-
naires, it was determined that 32 questionnaires were
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Figure 1: Research model
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incompletely or incorrectly filled out, so the analyses
were continued on 228 questionnaires. The data were not
collected face-to-face due to the COVID-19 pandemic and
were easily collected in the digital environment by sam-
pling method. Three students helped us to carry out the
survey. These students reached the participants via social
media and supported the completion of the surveys.

3.4 Data Collection Tools

A questionnaire method was used for the research.
The questionnaire form created within the scope of this
research consists of two parts. In the first part, there are
four questions to determine the demographic character-
istics and introductory information of the participants. In
the second part, there are 21 questions to determine the
smart destination selection process of millennial tour-
ists. In the research, the scale developed by Ghaderi et al.
(2018) and adapted into Turkish by Unal and Bayar (2020)
was used. Research data were collected between 16 May
and 4 June 2021.

3.5 Validity and Reliability of the Scale

Reliability is expressed as the repeatability of the meas-
urement process or the consistency in repetitions in a
measurement process (Altunisik et al., 2010, p. 122). Reli-
ability is used to measure whether the items that make up
the scales are consistent among themselves. To determine
the reliability of the measurement in practice, the Cron-
bach’s alpha coefficient was calculated, and the general
coefficient of the scale was found to be 0.709. It can be said
that this result (a = 0.709), according to Table 1, is consid-
ered very reliable (Akbulut, 2010, p. 80) (0.60 < a < 0.80).
To test the models and hypotheses created in the
research, all measurement tools used in the measurement
of path analysis with hidden variables should be valid
and reliable (Simsek, 2007, p. 19). For this purpose, in

Table 1: Values of Cronbach’s alpha (o) coefficient

0.00<a<0.40 Not reliable
0.40 << 0.60 Lowly reliable
0.60<0<0.80 Quite reliable
0.80<0<1.00 Highly reliable
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this study, exploratory factor analysis (EFA) was first per-
formed to test the construct validity of the scale.

3.6 Exploratory Factor Analysis

In the research, first Kaiser-Meyer-Olkin (KMO) sample
adequacy and Bartlett sphericity tests were conducted to
determine whether the data set is suitable for factor anal-
ysis. The KMO is an index that compares the magnitude of
the observed correlation coefficients with the magnitude
of the partial coefficients. The significant KMO coefficient
and Bartlett sphericity tests indicate that the data are
suitable for factor analysis (Biiyiikoztiirk, 2011). The KMO
analysis result of the scale was found to be 0.795 and the
Bartlett test was found to be significant (p = 0.000). The
determination of the KMO value of 0.795 indicates that the
sample is sufficient (Kalayci, 2010, p. 322). According to
the results of the Bartlett sphericity test, which is another
suitability test, it was determined that the test value was
644.801 at the significance level of the scale (p < 0.000). In
this context, this result shows that EFA can be applied to
the data. As the results were positive, factor analysis was
started. The factor analysis results applied to the scale
consisting of a total of 17 items are shown in Table 2.

In factor analysis, principal component analysis was
chosen to determine the factor structure and to obtain
meaningful interpretable factors. The varimax technique,
a vertical rotation technique, was used. As a result of ver-
tical rotation, five items with a factor load of less than
0.40 were excluded from the scale (Alpar, 2011, p. 269;
Biiyiikoztiirk et al., 2016, p. 120).

In the factor analysis, the items were grouped under
three dimensions. The Attitude dimension consists of a
total of five items. The total variance explanation rate of
the factor is 68.20%. The Behaviour dimension consists of
a total of four items. The total variance explanation rate of
the factor is 56.00%. The Travel Intention dimension con-
sists of three items in total. The total variance explanation
rate of the factor is 73.55%. After these analyses, confirm-
atory factor analysis (CFA) was performed with the Amos
6.0 package program.

3.7 Confirmatory Factor Analysis

CFA is defined as a natural extension of the explanatory
factor analysis model and a type of structural equation
modelling (SEM), which deals with measurement models
of relations between factors and observed measurements
(Celik & Yilmaz, 2013, p. 43).
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Table 2: Result of exploratory factor analysis scale of millennial tourists’ smart destination selection process

Items Factor loadings M SD Explained KMO Significance
variance
1 2 3
Attitude
AT1 0.838 4.0642 0.85626 68.202 0.795 0.000
AT2 0.884 4.0872 0.86228
AT3 0.823 3.8349 0.90583
AT4 0.788 3.8257 0.84072
AT5 0.793 3.9450 0.86226
Behaviour
BEH1 0.779 3.9541 0.85745 56.008 0.702 0.000
BEH2 0.572 3.0642 1.04969
BEH3 0.870 3.8945 0.76373
BEH4 0.742 3.8624 0.81425
Travel intention
Tl 0.867 3.7798 0.76632 75.531 0.727 0.000
TI2 0.871 3.7706 0.82733
TI3 0.869 3.7018 0.93478
Table 3: CFA goodness-of-fit values
Variable X2 df x3/df GFI CFl NFI SRMR RMSEA
Criterion <5 20.90 20.90 20.90 <0.08 <0.08
Attitude 7,331 4 1,833 0,987 0,995 0,989 0,0192 0,062
Behaviour 3,417 2 1,709 0,992 0,993 0,984 0,0270 0,057
Travel Intention 0 0 0 1 1 1 0 0

Note: GFl = goodness-of-fit index; CFI = Comparative Fit Index; NFl = normed fit index; SRMR = standardized root mean square residual;

RMSEA = root mean square error of approximation.

In this study, the scale, which was applied to 228
participants to determine the smart destination selection
process of millennial tourists evaluated with explanatory
factor analysis, was subjected to CFA and the model was
tested. In this context, Comparative Fit Index (CFI) values
were examined. The CFIis an incremental fit index. Values
of 0.90 and above indicate good fit (Cokluk et al., 2010, p.
270). The calculated goodness-of-fit values in the study
are shown in Table 3.

When the goodness-of-fit indexes obtained as a result
of CFA are examined, we concluded that the data col-
lected within the scope of the research had appropriate
goodness-of-fit values. At this point, it can be determined
that the scale items are explained correctly by the dimen-

sions and the construct validity of the scale is ensured. As
a result of the CFA, it was found that the scales met the
acceptable goodness-of-fit criteria. Because Travel Inten-
tion is a three-item scale, the degrees of freedom value
is zero. Therefore, the CMIN/df calculation could not be
made. After CFA, Shapiro—-Wilk and Kolmogorov—Smirnov
tests from normal distribution tests were performed (Table
4). In the Shapiro-Wilk and Kolmogorov—Smirnov tests,
whether the data are normally distributed is determined
by the significance value (Akalin, 2015, p. 117). To examine
whether the data collected from the sample exhibited a
normal distribution, the Kolmogorov-Smirnov test was
performed, and the skewness and kurtosis values of the
data were examined (Table 4). The skewness and kurtosis
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Table 4: Values for normal distribution
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Scale N Skewness Kurtosis Shapiro-Wilk (p) Kolmogorov-Smirnov (p)
Attitude 218 -0.109 -0.350

Behaviour 218 -0.165 1.656 0.000 0.000

Travel Intention 218 -0.071 -0.250

values were in the range of +2, and it the data showed a
normal distribution (George & Mallery, 2010). Therefore,
it is assumed that applying parametric tests to the data
obtained in this study will provide more accurate results.

Because the data were normally distributed, Student’s
t test was used to compare the variables with normal dis-
tribution in parametric technique in two groups, and anal-
ysis of variance (ANOVA) and least significant difference
(LSD) multiple comparison tests were used for compar-
isons in more than two groups. The Pearson correlation
coefficient was used to test the relationships between
numerical variables.

Reliability analysis was performed for the scales
after EFA and CFA. The alpha coefficient value obtained
as a result of the reliability analysis and the average var-
iance extracted (AVE) and component reliability (CR)
values are given in Table 5.

As a result of the reliability analysis, alpha coeffi-
cient values were obtained above 0.70. This finding shows
that the scales are reliable. AVE values were greater than
0.50 except for the Behaviour scale, and CR values were
greater than 0.70 for all scales. The Behaviour AVE value
was found to be very close to 0.45 (i.e. 0.50). These find-
ings also show that the scales provide component validity
(Huang et al., 2013).

4 Results

This section gives the findings related to some demo-
graphic characteristics of the participants and the results

Table 5: Validity and reliability analysis.

Variable AVE CR Cronbach’s alpha
Attitude 0.58 0.83 0.883
Behaviour 0.45 0.75 0.709
Travel Intention 0.63 0.83 0.834

Note: AVE = average variance extracted; CR = component reliability.

of the analysis. Accordingly, information on the demo-
graphic variables of the participants is given in Table 6.

The frequency averages and standard deviations of
the participants’ answers to the statements in the scale
were analysed in the SPSS package program, and the
table averages and standard deviation values obtained are
shown separately in Table 7.

In the study, the value for the expression ‘New facil-
ities like smartphones, websites, etc., have made travel-
ling easier than before’, which has the highest average of
participation levels of the millennial tourists in the smart
destination selection process, is 4.08, as seen in Table 7.
Among the other expressions, the second highest value
was for ‘New facilities like smartphones, websites, etc.,
have enabled me to better plan my trip’, with an average
of 4.06. The third highest value was for the expression,
‘It is important for me to easily locate my cell phone and
inform friends and relatives where I am’, with an average
value of 3.95.

These responses show that millennial tourists gener-
ally agree with the questions about the smart destination
selection process.

Table 6: Demographic findings

Frequency  Percent

Gender

Male 104 47.7

Female 114 52.3
Age

18-23 142 65.1

24-29 27 12.4

30-35 21 9.6

36-41 28 12.8
Education

Associate degree 136 62.4

Undergraduate 59 27.1

Postgraduate 23 10.6




§ sciendo

Smart Destination Selection Process: Research on Generation Y Tourists = 33

Table 7: Participation levels of Generation Y tourists in statements regarding the smart destination selection process

)]
; g
A oo
o o ;
; >
Expressions Z @ = 2
s @ [ = o c
o 9 © 5 g o
s o i) 7] b =] Q
n a = < @ s )
New facilities lik h i ., n 6 6 19 124 63
hew aal]l)t[lej li etsn;artttp 0|l1es, wetb_5|tes, etc 4.062 0.856
ave enabled me to better plan my trip % 28 28 8.7 56.9 28.9
New facilities like smartphones, websites, etc., " 4 1 15 120 68 4.087 0.862
have made travelling easier than before % 1.8 5.0 6.9 55.0 31.2 ’ ’
The existence of smart infrastructure influences > 15 35 119 44 3.834 0.905
my attitude in visiting this destination % 2.3 6.9 16.1 54.6 20.2 ’ '
iliti i i n 3 10 51 112 42
Smar.t facilities such as tour guide devices are 3.825 0.840
very important to me % 1.4 4.6 23.4 51.4 19.3
ilities li n 3 13 30 119 53
| have'z access to new facilities like smartphones, 3.045 0.862
websites, etc. % 1.4 6.0 13.8 54.6 24.3
It is important for me to easily locate with my n 5 8 31 122 52
cell phone and inform friends and relatives 3.954 0.857
where | am % 2.3 3.7 14.2 56.0 23.9
I really care about my travelling behaviour as | n 12 63 56 73 14 3.065  1.049
use smart facilities and friends will follow me % 5.5 28.9 25.7 33.5 6.4 ’ ’
i iti n 2 7 43 126 40
| have res?urces, time, and opportunities to use 3.894 0.763
smart devices % 0.9 3.2 19.7 57.8 18.3
I fident that, if | want, | t n 4 9 38 129 38
am' confident that, if | want, | can use smar 3.862 0.814
devices % 1.8 4.1 17.4 59.2 17.4
Other people who are important to me think | n 11 49 62 79 17 3192 1.033
should use smart apps for my trip % 5.0 225  28.4 36.2 7.8 ' '
My famil dmet ttechnolo- 1 10 31 55 108 14
.y am|y?nc?urage me to use smart technolo 3.389 0.964
gies for this trip % 4.6 14.2 25.2 49.5 6.4
I intend to visit smart destinations because of n 3 9 48 131 27
s 3.779 0.766
safety and security issues % 1.4 4.1 22.0 60.1 12.4
[ f | inati n 3 11 54 115 35
c?r my future travels. .v'vant to go to destinations 3.770 0.827
with more smart facilities % 1.4 5.0 24.8 52.8 16.1
| will mal ff isi inati n 7 14 53 107 37
will make a.n effort to visit smart destinations 3.701 0.934
when travelling % 3.2 6.4 24.3 49.1 17.0
I pref t destinati ther than tradi- n 3 21 58 106 30
-pre er smart destinations rather than tradi 3.637 0.886
tional ones % 1.4 9.6 26.6 48.6 13.8
] o ) n 6 29 78 90 15
I will select smart destinations for future trips 3.362 0.896
% 2.8 13.3 35.8 41.9 6.9
Smart destinations have more to offer compared n 7 14 41 124 32
to traditional destinations, hence | get more 3.733 0.902
3.2 6.4 18.8 56.9 14.7

experiences and fun

%

4.1 SEM Findings Regarding the Variables in

the Research Model

SEM is the general name of statistical methods that allow

the causal and reciprocal relationships between latent var-
iables to be examined through measurable observed var-
iables (Joreskog & Sorbom, 1993; Raykov & Marcoulides,
2000). In this research, a path analysis was made regard-
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Figure 2: Structural equation model

ing the model established with the structural equation
model. The hypotheses of the research were tested by path
analysis. As can be seen in Figure 2, there are significant
relationships between all the variables in the study. There-
fore, significant effects can be predicted between the var-
iables. In a continuation of the meaningful results, path
analysis was made within the framework of the structural
equation model, and the effects between the variables and
the goodness-of-fit values of the model were examined.
The analysis findings of the structural equation model are
shown in Table 8.

When the fit indexes of the model are examined in
Table 8; the goodness-of-fit index (GFI) value is 0.92, the
CFI value is 0.96, the normed fit index (NFI) is 0.93, stand-
ardised root mean square residual error (SRMR) value

Table 8: Model goodness-of-fit values
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of 0.04 and root mean square error of approximation
(RMSEA) value was determined as 0.07. For a model to be
accepted, its RMSEA value must be below 0.08. (Simsek,
2007). Within the scope of these values, it can be said
that the structural equation model created is acceptable
because the data give good values of fit and values close to
the standard (Joreskog & S6rbom, 1993; Kline, 1998).

As a result of the analysis of the structural equation
model (Table 9), it was found that attitude and behav-
iour affect travel intention positively and significantly. As
a result of the analysis, H,, ‘(The attitudes of millennial
tourists toward smart products significantly affect their
travel intentions), and H,, (The behaviour of millennials
regarding smart products significantly affects their travel
intention’), were supported.

4.2 t-Test Comparison of Attitudes, Behav-
iours, and Travel Intentions of Generation Y
Tourists Toward Smart Products by Gender

A t test was conducted to find out whether there is a signif-
icant difference between the status of Generation Y tour-
ists regarding smart products and gender variables. As a
result of the analysis, it is seen in Table 10 that there is no
significant difference between the groups (t = 0.884, 0.073,

Variable X2 df X3/df GFI CFI NFI SRMR RMSEA
Criterion <5 20.90 20.90 20.90 <0.08 <0.08
Modal 103.65 51 2.032 0.927 0.962 0.935 0.0468 0.076

Note: GFl = goodness-of-fit index; CFI = Comparative Fit Index; NFI = normed fit index; SRMR = standardized root mean square residual;

RMSEA = root mean square error of approximation.

Table 9: Structural model regression weights

Analysis path B B SE C.R. p
Travel Intention <= Attitude 0.474 0.457 0.091 5.209 0.000
Travel Intention <--- Behaviour 0.790 0.684 0.127 6.201 0.000

Table 10: t test for gender variable
Factors F Significance t df Significance (2-tailed) Mean difference
Attitude 0.009 0.923 0.884 216 0.378 0.08563
Behaviour 0.239 0.625 0.073 216 0.942 0.00633
Travel Intention 0.023 0.880 -0.138 216 0.891 -0.01372
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-0.138, respectively, p > 0.05). H, (attitudes of Generation
Y tourists toward smart products differ significantly by
gender), H, (the behaviour of Generation Y tourists regard-
ing smart products differs significantly by gender) and H,
(the travel intentions of Generation Y tourists differ signif-
icantly by gender) were not supported.

4.3 ANOVA of Attitudes, Behaviours, and
Travel Intentions Toward Smart Products of
Generation Y Tourists by Age

An ANOVA test was conducted to find out whether there is
a significant difference between the status of Generation
Y tourists regarding smart products and age variables. As
a result of the analysis, Table 11 shows that there is a sig-

Table 11: ANOVA test for age variable
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nificant difference between the age status of Generation
Y tourists and their travel intentions (p = 0.014). A Tukey
test was performed to find out where the difference comes
from. The Tukey test results are presented in Table 12.

According to Tukey’s findings, the intention to travel
differs significantly between the 24 to 29 age group, the
36 to 41 age group, and the 30 to 35 age group. When the
mean values of the answers given to the variables are
examined, they are 3.42 for the 24 to 29 age group, 4.03 for
the 30 to 35 age group, and 3.94 for the 36 to 41 age group.
This finding means that the intention to travel is statisti-
cally significantly higher in the 30 to 35 age group.

According to the results of the analysis, whereas
Hypotheses H, and H, were not supported, the Hypothesis
H, was supported.

Sum of squares df Mean square F Significance
Between groups  3.193 3 1.064 2.118 0.099
Attitude Within groups 107.531 214 0.502
Total 110.725 217
Between groups  0.912 3 0.304 0.737 0.531
Behaviour Within groups 88.337 214 0.413
Total 89.249 217
Between groups 5.661 3 1.887 3.641 0.014
Travel Intention Within groups 110.909 214 0.518
Total 116.569 217
Table 12: Tukey test for age variable
0,
Dependent variable Mean difference (I-]) SE Significance 95% Cl
Lower bound Upper bound
24-29 0.31499 0.15114 0.162 -0.0764 0.7064
18-23 30-35 -0.29700 0.16831 0.293 -0.7328 0.1388
36-41 -0.20573 0.14886 0.512 -0.5912 0.1797
18-23 -0.31499 0.15114 0.162 -0.7064 0.0764
24-29 30-35 -0.61199" 0.20946 0.020 -1.1544 -0.0696
36-41 -0.52072" 0.19418 0.039 -1.0235 -0.0179
Travel Intention
18-23 0.29700 0.16831 0.293 -0.1388 0.7328
30-35 24-29 0.61199" 0.20946 0.020 0.0696 1.1544
36-41 0.09127 0.20782 0.972 -0.4468 0.6294
18-23 0.20573 0.14886 0.512 -0.1797 0.5912
36-41 24-29 0.52072" 0.19418 0.039 0.0179 1.0235
30-35 -0.09127 0.20782 0.972 -0.6294 0.4468

* The mean difference is significant at the 0,05 level
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4.4 ANOVA of Attitudes, Behaviours, and
Travel Intentions Towards Smart Products of
Generation Y Tourists by Education

An ANOVA test was conducted to find out whether there is
a significant difference between the status of Generation
Y tourists regarding smart products and education varia-
bles. Table 13 shows that there is a significant difference
between the education status of Generation Y tourists and
their travel intentions (p = 0.008). A Tukey test was per-
formed to find out where the difference comes from. The
Tukey test results are presented in Table 14.

According to Tukey’s findings, it was determined that
the intention to travel differs significantly between those
who hold postgraduate and associate degrees and under-
graduate degrees. When the mean values were examined
the values were 4.18 for postgraduate, 3.68 for associate’s,
and 3.74 for undergraduate degrees. This finding means
that the intention to travel is statistically significantly
higher in the postgraduate group.

According to the results of the analysis, Hypotheses
H, and H, were not supported, but Hypothesis H, was.

Table 13: ANOVA test for education variable.
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5 Discussion

Increasing urban populations with the acceleration of
migration from rural to urban areas by globalisation have
revealed important problems in resource allocation. In
this context, the importance of innovation practices in
solving growing management problems has increased
(Bedi et al. 2019, p. 491; Khan et al. 2017, p. 3). Espe-
cially in the 21st century, where limited resources and
investments exist, the use of technology is important in
terms of ensuring optimum resource management. It is
thought that the quality of visitor experience will change
as a result of the reflection of smart tourism features on
the field through these models. The improvement in the
quality of experience provided by all these smart technol-
ogies has drawn visitors to the destination and the quality
of experience is measured by integrating it with their
routine. To achieve this integration, the routine actions of
the person are understood with the information obtained
from the person about their daily life process and adapted
to the travel process. On the other hand, this change in
experience has also occurred in the form of consumers

Sum of squares df Mean square  F Significance
Between groups 2.632 2 1.316 2.617 0.075
Attitude Within groups 108.093 215 0.503
Total 110.725 217
Between groups 0.117 2 0.058 0.141 0.869
Behaviour Within groups 89.133 215 0.415
Total 89.249 217
Between groups 5.067 2 2.533 4.885 0.008
Travel Inten- L
tion Within groups 111.503 215 0.519
Total 116.569 217
Table 14: Tukey test for education variable
: . . 95% Cl
Dependent variable Mean difference (I-)) SE Significance
Lower bound Upper bound
Undergraduate -0.05874 0.11227 0.860 -0.3237 0.2062
Associate degree
Postgraduate -0.50703" 0.16236 0.006 -0.8902 -0.1238
Travel Associate degree  0.05874 0.11227 0.860 -0.2062 0.3237
. Undergraduate
Intention Postgraduate -0.44829" 0.17703  0.032 -0.8661 -0.0305
Associate degree  0.50703" 0.16236  0.006 0.1238 0.8902
Postgraduate
Undergraduate 0.44829" 0.17703  0.032 0.0305 0.8661

* The mean difference is significant at the 0,05 level
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playing an active role in producing their own experiences
and technology playing a role in experience production
through social media (Ozekici, 2020). At this point, the
importance of smart tourism is easily understood. In this
context, this study focuses on millennials, who use tech-
nology the most, and reveals the smart destination selec-
tion process of millennial tourists. In other words, the
lack of a deep examination of the relationship between
tourists and technology in the context of smart tourism
has been addressed in the research, responding to the
need identified by various researchers. In the research, a
three-factor structure emerged using attitude, behaviour,
and intention to travel. It was observed that the expres-
sion, ‘New facilities like smartphones, websites, etc.,
have made traveling easier than before’, had the highest
average response. Based on this result, smart applications
seem to make travelling easier. However, the expression
with the second highest average response is, ‘New facili-
ties like smartphones, websites, etc., have enabled me to
better plan my trip’. These results show that millennials
prefer smart products both in the travel planning process
and during their travel. This result is supported the work
by Unal and Bayar (2020) and Ghaderi et al. (2018).

Our results revealed that the attitudes of Genera-
tion Y tourists toward smart products significantly affect
their travel intentions. Another remarkable result of the
research is that the behaviours of millennial tourists
regarding smart products significantly affect their travel
intentions. Therefore, the conclusion that attitudes and
behaviours toward smart products influence the intention
to travel has been confirmed in this research.

There is no significant difference between the status
of Generation Y tourists regarding smart products and
gender variables. This result shows that the gender varia-
ble is not effective. At the same time there is a significant
difference between the age status of the Generation Y tour-
ists and their travel intentions. This finding means that
the intention to travel is statistically significantly higher
in the 30 to 35 age group. This result is quite remarkable.
In Turkish society, those in the 30 to 35 age group travel
more than those in other age groups, so this situation is
effective in the results of the research. Similarly, there is
a significant difference between the education status of
Generation Y tourists and their travel intentions.

Although these results provide important outputs,
similar studies should be conducted in different cultures
because attitude, behaviour, and intention to travel might
differ according to sociocultural variables. In addition,
comparisons can be made with studies conducted in
different cultures, and the results of the research can be
expanded by including different variables. This research
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is valuable for both academics and practitioners. In the
long term, the development of smart tourism destinations
will revolutionise the tourism industry and offer a better
future for tourism-based economies and sustainable
tourism. Due to the growth of new information technolo-
gies, smart features are becoming more and more impor-
tant for tourism destinations. The wider tourism industry
can be further developed if the necessary technological,
social, and economic infrastructure for smart tourism is
created.

The positive effects of smart tourism should be used
for regional sustainable development. The participation
of local residents as well as tourists is important for the
future of these practices.

6 Conclusion

The purpose of this research was to reveal the smart desti-
nation selection process of Generation Y tourists. We deter-
mined that the attitudes and behaviours of Generation Y
tourists toward smart products significantly affect their
travel intentions. Considering that technology is the main
feature that keeps Generation Y superior to other genera-
tions, this research has proven that technology also has
an effect on travel behaviour. Therefore, the use of current
marketing approaches such as social media marketing,
e-marketing, and mobile marketing will be more effective
for this target market. The development of technology at a
dizzying pace has provided the opportunity for structural
changes in the tourism sector, as it has in all other sectors.
It is more important for airline companies, travel agencies,
tour operators, and hotels to follow technology closely
to survive in an atmosphere of intense competition. At a
time when technology has an important effect on travel
behaviour, tourism businesses that respond to the needs
and wishes of the consumer in a timely manner will gain a
competitive advantage.
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